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(a) 900 clusters (b) 900 clusters (c) 700 clusters (d) 700 clusters 

(e) 500 clusters (f) 500 clusters (g) 400 clusters (h) 400 clusters 

(i) 300 clusters (j) 300 clusters (k) 200 clusters (1) 200 clusters 
.. _ .. .,....., . .-.. ... 
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(m) 150 clusters (n) 150 clusters (o) 50 clusters (p) 30 clusters 

Figure 27: (a)-(p), Time series of SST anomaly positively and negatively correlated to EOF3 for 
different number of clusters using FarthestFirst clustering algorithm. 
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